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Abstract 

Over the last decades, researchers have found compelling evidence of hiring 

discrimination toward ethnic minorities based on field experiments using fictitious job 

applications. Despite increasing efforts to discover why ethnic minorities experience 

hiring penalties, the academic world has not yet found a satisfying answer. With this 

study, we aim to close this gap in the literature by conducting a state-of-the-art scenario 

experiment with genuine American recruiters. In the experiment, we ask recruiters to 

assess fictitious job applicants of various race-ethnicities but consistent social class. The 

applicants are rated on 22 statements related to the dominant explanations for ethnic 

discrimination in hiring that the models of taste-based and statistical discrimination 

have offered. We find that different race-ethnicity groups are evaluated rather similarly, 

except for Asian Americans, who are perceived to have better intellectual abilities and 

organizational skills and to be more ambitious, motivated, efficient, and open. These 

results suggest that the hiring discrimination found in previous experimental research 

might be overestimated because part of the reported hiring penalty may be attributed 

to aspects other than race-ethnicity. 
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1. Introduction 

Over the last decades, researchers have found compelling evidence of hiring discrimination toward 

ethnic minorities.1 A recent meta-analysis of 143 correspondence experiments on ethnic discrimination 

conducted between 2005 and 2020 showed that minority applicants receive, overall, 34% fewer positive 

reactions to their job applications than equally qualified majority candidates (Lippens, Vermeiren, & 

Baert, 2023).2 This discrimination, however, varies remarkably by country (Bessudnov & Shcherbak, 

2019; Lancee, 2019; Quillian et al., 2019; Zschirnt and Ruedin, 2016) and ethnic group (Booth, Leigh, & 

Varganova, 2012; Koopmans, Veit, & Yemane, 2019; Lancee, 2019; Thijssen, Coenders, & Lancee, 2020; 

Yemane, 2020). In the United States, for example, varying levels of hiring discrimination have been 

found toward African Americans, Hispanic Americans, Arab Americans, and Asian Americans (Boyd-

Swan & Herbst, 2019; Darolia, Koedel, Martorell, Wilson, & Perez-Arce, 2016; Decker, Ortiz, Spohn, & 

Hedberg, 2015; Flake, 2019; Gorsuch & Rho, 2018; Lambert & Akinlade, 2019; Mobasseri, 2019; 

Yemane, 2020).  

In recent years, ever more researchers have attempted to empirically identify different explanations for 

the varying levels of hiring discrimination toward different ethnic minority groups.3 Two economic 

models underpin these attempts: the model of taste-based discrimination (Becker, 1957) and the model 

of statistical discrimination (Arrow, 1973; Phelps, 1972). Taste-based discrimination (Becker, 1957) 

implies that hiring discrimination toward ethnic minorities is driven by a distaste that employers, 

employees, or customers feel toward them. Due to these negative attitudes, employers, employees, 

and customers experience disutility when interacting with minority employees, which might reduce 

their hiring chances. Becker’s model might also serve as an explanation for different degrees of 

discrimination that multiple ethnic minority groups experience as employers, employees, and 

                                                      
1 For reviews, see Baert (2018a); Bartkoski, Lynch, Witt, and Rudolph (2018); Bertrand and Duflo (2017); Bonoli and Fossati 

(2020); Heath and Di Stasio (2019; Lippens et al. (2023); Neumark (2018); Quillian and Midtbøen (2021); Quillian, Pager, Hexel, 

and Midtbøen (2017); and Zschirnt and Ruedin (2016). 

2 A correspondence test is a type of field experiment that is often used to measure hiring discrimination, although recently it 

has also been used to measure the impact of characteristics on which unequal treatment in hiring is permitted such as 

educational outcomes and to measure discrimination in other markets such as the housing market and the dating market 

(Baert & Verhaest, 2019; Neyt, Baert, and Vynckier, in press). In these tests, researchers send fictitious résumés varying only 

in terms of a specific characteristic of interest to actual job openings. The callbacks involving these profiles are then examined 

(Neumark, 2018). Many view correspondence tests as the gold standard for measuring hiring discrimination (Baert, 2018a; 

Neumark, 2018). 

3 For an overview of the existing literature, see Lippens, Baert, Ghekiere, Verhaeghe, and Derous (2022). 
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customers might have varying attitudes toward different ethnic groups. Sociological and psychological 

research has argued that people tend to prefer others belonging to their own in-groups (i.e., the social 

identity model; Tajfel, 1974) and people similar to themselves (i.e., the model of homophily; McPherson, 

Smith-Lovin, & Cook, 2001, and the model of homosocial reproduction; Bird, 1996). As a result, 

individuals who belong to a minority group that is more similar to the majority group in terms of 

appearance, socioeconomic status, cultural customs or values and norms (i.e., sociocultural closeness; 

Bogardus, 1925) might be discriminated against less than members of minority groups who differ 

substantially from the majority group. 

Second, the model of statistical discrimination (Arrow, 1973; Phelps, 1972) implies that negative 

perceptions and stereotypes about ethnic minorities drive their reduced hiring chances. When making 

hiring decisions, employers typically have limited information. As a result, they will use the available 

information on the résumé (e.g., race, age, gender, and education) as signals of unobserved factors 

(e.g., motivation and work ethics). Existing perceptions and stereotypes about ethnicity could signal 

lower productivity to employers—which might explain their unfair treatment of ethnic minorities. As 

Katz and Braly (1933) and Lee and Fiske (2006) proved, the content of stereotypes associated with ethnic 

minorities often differs between minority groups. African Americans, for example, are often perceived 

as incompetent, untrustworthy, undisciplined, and lacking motivation and work ethic (Ghavami & 

Peplau, 2012; Federal Glass Ceiling Commission, 1995; Kirschenman & Neckerman, 1991; Moss & Tilly, 

2001; Pager & Karafin, 2009; Pedulla, 2018). Asian Americans, on the other hand, are often perceived 

as highly competent, disciplined, motivated, and hardworking (Ghavami & Peplau, 2012; Federal Glass 

Ceiling Commission, 1995; Lin, Kwan, Cheung, & Fiske, 2005). According to the model of statistical 

discrimination, it seems valid to believe that these differences in stereotypes might explain the observed 

differences in the degree of discrimination experienced by Asian American and African American job 

seekers, as well as other distinct ethnic groups (Zschirnt & Ruedin, 2016). 

Throughout the years, researchers have attempted to gain insights into the empirical validity of these 

theoretical models as explanations for ethnic discrimination in hiring. More concretely, in addition to 

measuring hiring discrimination toward ethnic minorities, researchers conducting correspondence tests 

also tried to gain insights into the underlying mechanisms of this discrimination with secondary analyses 

to test certain predictions based on the abovementioned theoretical models, such as investigating 

higher levels of ethnic discrimination in jobs with significant customer contact as indications of taste-

based discrimination).4 Survey research has also been conducted to investigate the potential drivers of 

                                                      
4 Examples of studies that use correspondence tests to investigate taste-based discrimination as an explanation for ethnic 

discrimination in hiring include Koopmans, Veit, and Yemane (2019); Lancee (2019); Veit and Thijsen (2021); and Zschirnt and 



 

4 

this discrimination (Lippens, Baert, Ghekiere, Verhaeghe, & Derous, 2022).5  

However, these methods are ideal for investigating the underlying reasons for multiple ethnic 

minorities’ lower—and different—hiring chances. Although correspondence tests are excellent for 

measuring hiring discrimination, they are less suitable for explaining that discrimination because they 

can only provide indirect evidence of the mechanisms underlying the phenomenon. Directly surveying 

the tested employers about their hiring motivations is impossible because, in these experiments, only 

an employer’s binary decision to offer a job interview to an applicant or not can be measured (Van Belle 

et al., 2020; Van Borm, Burn, & Baert, 2021). Additionally, non-experimental self-reported survey data 

can never be fully confirmed as free of bias due to the presence of possible confounding variables or 

socially desirable answering. Therefore, the results found in these studies are only suggestive and should 

be interpreted carefully. 

Despite increasing efforts to understand why different ethnic minority job applicants are (to a lesser or 

greater extent) penalized when looking for jobs, the academic world does not seem to have found a 

satisfying and unambiguous answer. However, knowing this information is crucial to developing suitable 

and effective policy measures to combat this severe and ongoing societal problem. 

To gain new insights into the potential explanations for ethnic discrimination in hiring, in this study, we 

conducted a state-of-the-art scenario experiment based on Baert and De Pauw (2014) and Hosoda, 

Stone, and Stone-Romero (2003) with genuine recruiters from the United States.6 In the experiment, 

we asked our participants to assess a set of fictive résumés that varied in the job applicants’ gender, 

race-ethnicity, and some additional characteristics for a hypothetical vacancy. The applicants’ gender 

and race-ethnicity were signaled to participants via the job candidates’ first and last names. The 

participants evaluated the fictitious job candidates’ hireability and 22 statements corresponding to 

                                                      
Ruedin (2016). Examples of studies that use correspondence tests to investigate statistical discrimination as an explanation for 

ethnic discrimination in hiring include Agerström, Björklund, Carlsson, and Rooth (2012); Baert and Vujić (2016); Bartoš, Bauer, 

Chytilová, and Matějka (2016); Edo, Jacquemet, and Yannelis (2019); Kaas and Manger (2012); Koopmans, Veit, and Yemane 

(2019); Thijssen, Coenders, and Lancee (2020); Thijssen, Coenders, and Lancee (2021); Thijssen, Lancee, Veit, and Yemane 

(2019); Veit, Arnu, Di Stasio, Yemane, and Coenders (2022); Yemane and Fernández-Reino (2019); and Zschirnt and Ruedin 

(2016). 

5 Examples of studies that use non-experimental survey data to investigate explanations for ethnic discrimination in hiring 

include Aeberhardt, Coudin, and Rathelot (2016); Åslund and Rooth (2005); Combes, Decreuse, Laouénan, and Trannoy (2016); 

Horvath and Huber (2018); Laouénan (2017); Longley (2003); and Ritter and Taylor (2011). 

6 To the best of our knowledge, Baert and De Pauw (2014) and Hosoda et al. (2003) are the sole experimental studies that use 

a vignette design to survey employers about the underlying reasons they would hire or not hire ethnic minority job applicants. 
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stereotypes (in line with the model of statistical discrimination) and attitudes (in line with the model of 

taste-based discrimination) toward the race-ethnicity minority groups included in our experiment 

(German Americans, Asian Americans, African Americans, Hispanic Americans, and Arab Americans) and 

identified in the academic literature.7 By using candidate names from a name categorization 

experiment, we ensured that candidates’ names signaled the same social class.  

We contribute to the existing literature in several meaningful ways. First, we are the first to empirically 

study the underlying reasons for ethnic discrimination in hiring toward multiple ethnic minorities 

directly and unambiguously—that is, by using a scenario experiment rather than a correspondence test 

or survey data. In doing so, we fill a gap in the literature and add to the growing understanding of the 

reasons underlying ethnic discrimination in hiring.  

Second, we add to the literature by including three less-studied race-ethnicity minority groups in the 

United States (German Americans, Asian Americans, and Arab Americans) in our study. Although 

German Americans are the largest European immigrant group in the United States and the number of 

immigrants from Asia and MENA countries (i.e., Middle Eastern and North African countries) has notably 

increased throughout the years in the United States, most of the studies on this topic that are conducted 

in the United States investigate hiring discrimination toward African American or Hispanic American job 

applicants only as these are the two largest race-ethnicity minority groups in the U.S. (Migration Policy 

Institute, 2021). No study has yet investigated potential hiring discrimination toward German 

Americans. Furthermore, only three studies have considered Asian Americans and two have considered 

Arab Americans as study objects (Gorsuch & Rho, 2018; Kang, DeCelles, Tilcsik, & Jun, 2016; Lambert & 

Akinlade, 2019; Widner & Chicoine, 2011; and Yemane, 2020). By focusing on these three less-studied 

but growing minority groups (next to African Americans and Hispanic Americans), we gain deeper 

insights into their hiring experiences in the U.S. labor market. 

Third, although this is not the primary goal of our study, we supplement the limited literature on the 

effect of résumé whitening—i.e., downplaying racial cues in a résumé—on race-ethnicity minority job 

candidates’ hiring chances (Fossati, Liechti, & Auer, 2020; Kang et al., 2016). More concretely, by varying 

the first-name types (i.e., ethnic- or Anglo-sounding) in the minority job candidates’ résumés, we 

explore whether résumé whitening positively influences employers’ perceptions and attitudes toward 

job applicants, as well as their hiring chances. 

                                                      
7 We must note that, because we conducted a vignette experiment and not a field experiment, we did not measure employers’ 

actual hiring behavior but rather employers’ hiring intentions in a simplified simulation of the hiring context. 
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Fourth, we factored in Gaddis’ (2017a, 2017b, 2019) criticism that the names used in previous 

experiments (i.e., both in the field and in the lab) can present noisy signals for race and may not properly 

signal the intended race-ethnicity alone, instead signaling differences in social class as well. By using 

names that are perceived as belonging to people of similar social class, we increase the internal validity 

of our experiment remarkably over that of previous experimental research (Bertrand and Mullainathan, 

2004; Baert and De Pauw, 2014; Leasure and Andersen, 2020; and Hosoda et al., 2003). 

Last, we contribute methodologically by dramatically improving Baert and De Pauw’s (2014) and Hosoda 

et al.’s (2003) designs. While both Baert and De Pauw (2014) and Hosoda et al. (2003) only investigated 

one ethnic group, we use five distinct race-ethnicity minority groups that differ in their sociocultural 

closeness to the majority group (white Anglo-Saxon Americans) simultaneously. In doing so, we can 

explain the differences in the degree of discrimination these minority groups experience by looking at 

how the reasons for discrimination vary between them. Moreover, where Baert and De Pauw (2014) 

and Hosoda et al. (2003) only considered a limited number—and highly selective set—of possible 

explanations for ethnic discrimination, we investigate a more systematically acquired and extensive set 

of stereotypes and attitudes drawn from the relevant literature, considering both the taste-based and 

statistical discrimination models. Our design is also an improvement on Baert and De Pauw (2014) and 

Hosoda et al. (2003) in terms of external validity and scale. Both previous studies used a somewhat small 

sample of students (268 and 298 students, respectively) and focused on a limited number of jobs or 

internships (one in Baert and De Pauw (2014) and two in Hosoda et al. (2003)). By using a large sample 

of individuals with genuine hiring experience— 473 participants who evaluated five profiles each, 

resulting in no less than 2,365 different observations—and ten jobs from distinct economic sectors, we 

substantially improved the generalizability of our results.  

2. The Experiment 

As mentioned in the introduction, we conducted a state-of-the-art scenario experiment in the United 

States to explore the empirical value of the theoretical explanations for the varying levels of 

discrimination experienced by multiple ethnic groups that are outlined by the models of taste-based 

and statistical discrimination. By using names from a name categorization experiment, we ensured that 

candidates’ names signaled the same social class. 

Our experiment applies the factorial survey method developed by Rossi (1951) and often used to study 

human attitudes, judgments, and behavioral intentions (Auspurg & Hinz, 2014; Rossi & Nock, 1982). This 

kind of experiment has been used in diverse academic fields, including sociology (Auspurg, Hinz, & 



 

7 

Sauer, 2017; Jasso, 2006; Liebe, Moumouni, Bigler, Ingabire, & Bieri, 2020; McDonald, 2019; Rivera & 

Tilcsik, 2016; Wallander, 2009), psychology (Derous, Nguyen, & Ryan, 2009; Derous, Ryan, & Nguyen, 

2012; Webster, O’Toole, O’Toole, & Lucal, 2005), and economics (Ambuehl & Ockenfels, 2017; Eriksson 

& Kristensen, 2014; Mathew, 2017), and is extensively conducted to study hiring discrimination and 

decisions in the labor market (Baert & De Pauw, 2014; Damelang, Abraham, Ebensperger, & Stumpf, 

2019; Derous et al., 2009; Derous et al., 2012; Di Stasio, 2014; Hosoda et al., 2003; McDonald, 2019; 

Van Belle, Di Stasio, Caers, De Couck, & Baert, 2018; Van Belle, Caers, De Couck, Di Stasio, & Baert, 2019; 

Van Belle et al., 2020; Van Borm et al., 2019; Van Hoye & Lievens, 2003).  

In these experiments, participants judge short descriptions of hypothetical situations, objects, or 

persons that are portrayed in vignettes, for which the attributes (vignette factors) vary systematically 

or randomly over a predefined number of categories (the vignette levels) (Sauer, Auspurg, Hinz, & Liebig, 

2011). By implementing this experimental design within a survey—the main feature of a vignette 

experiment—the advantages of both experimental and survey research can be combined. That is, by 

experimentally manipulating the vignette levels, a causal interpretation of the effect of each vignette 

factor on participants’ evaluations can be generated, thus guaranteeing internal validity and avoiding 

the common issue of confounding variables in survey research. Moreover, by implementing this design 

with an online survey, higher external validity can be obtained than in typical lab experiments. This is 

because online surveys can reach relatively large and heterogeneous populations (Auspurg & Hinz, 

2014; Damelang & Abraham, 2016; Van Belle et al., 2018; Wallander, 2009).  

2.1. Vignette Design  

In this experiment, the vignettes used were profiles of fictitious job applicants. We asked participants 

to evaluate a set of five unique vignettes (a deck) comprised of small tables with summarized 

information about each of the five fictitious job candidates, with one table per vignette. 8,9 The vignettes 

                                                      
8 We chose to present five unique vignettes to each participant based on Auspurg and Hinz’s (2014) recommendation to use 

no more than ten vignettes per participant. Because the participants had to rate many statements for each vignette, we 

decided to present only five vignettes per participant to avoid excessive survey time, learning effects, and participant fatigue. 

9 As Auspurg and Hinz (2014) recommended, we worked with tabular vignettes instead of text vignettes because these are 

better suited to decision-making tasks involving lists of decision criteria, such as evaluating fictitious résumés. Tabular vignettes’ 

more straightforward presentation of vignette factors helps participants form consistent judgments, which is especially useful 

in the context of an experiment where participants evaluate multiple vignettes, such as ours (Auspurg & Hinz, 2014). 

Furthermore, previous research has shown that tabular vignette designs produce similar evaluations to text vignettes (Auspurg 

& Hinz, 2014; Shamon, Dülmer, & Giza, 2022; Sauer, Auspurg, & Hinz, 2020). 
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differed in five applicant characteristics with two to 24 levels each. We present an overview of the 

different vignette factors and their corresponding levels in Table 1.  

<Table 1 about here> 

The factor of prime interest in our experiment was applicants’ full names, through which we signaled 

their race-ethnicity and gender. As mentioned in Section 1, we worked with six distinct race-ethnicity 

groups: one majority group (white Anglo-Saxon Americans) and five minority groups (German 

Americans, Asian Americans, African Americans, Hispanic Americans, and Arab Americans). We decided 

to focus on Asian, African, Hispanic, and Arab Americans because these populations are the largest race-

ethnicity minority groups in the United States (U.S. Census Bureau, 2021b). We included German 

American job applicants in our experiment as a kind of control group that was socioculturally close to 

the majority group. We chose to include German Americans because they are the most populous 

European immigrant group in the United States (Migration Policy Institute, 2021). Moreover, we 

believed their first and last names would be distinctive enough to distinguish them from those of white 

Anglo-Saxon job applicants. We also decided to include both male and female job applicants to increase 

the ecological validity of our experiment. 10 

As Table 1 shows, we used 24 different name levels, each corresponding to one of the twelve gender-

race-ethnicity groups. Fourteen names (seven for each gender group) were associated with majority 

group candidates (about 60% of the sample) and ten (five for each gender group) with minority group 

candidates (about 40% of the sample). Half of the names corresponded to male job applicants and the 

other half to female job applicants. We decided to work with these 24 name levels because we wanted 

to obtain an applicant pool with a similar composition as the current American population to increase 

the ecological validity of our experiment. About 60% of people in the United States are ‘only white,’ and 

about 50% are female (U.S. Census Bureau, 2021b). 

For each of the 24 name levels, we decided to work with more than one name to avoid name effects. 

Therefore, we used eight full names for the white Anglo-Saxon American male applicants and eight for 

the white Anglo-Saxon American female candidates. We also used four distinct combinations of first and 

last names for each of the ten gender-race-ethnicity groups corresponding to one of the five minority 

groups—for example, we used four names for African American men and four for African American 

                                                      
10 Combining the six race-ethnicity groups with the two gender groups results in twelve distinct gender-race-ethnicity groups: 

(i) white Anglo-Saxon American men, (ii) white Anglo-Saxon American women, (iii) German American men, (iv) German 

American women, (v) Asian American men, (vi) Asian American women, (vii) African American men, (viii) African American 

women, (ix) Hispanic American men, (x) Hispanic American women, (xi) Arab American men, and (xii) Arab American women. 
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women. To see whether our results would change if we ‘whitened’ the minority job applicants’ names, 

two of the minority applicants’ first names were Anglo-sounding and two were ethnic-sounding. When 

presenting the vignettes to the participants, one first-and-last-name pair was randomly drawn from the 

pool of possible name combinations corresponding to the appropriate name level.11  

A crucial point in our design is that all combinations of first and last names are based on Baert et al.’s 

(2022) name categorization experiment. They identified 56 combinations of first and last names with 

variations in perceived race-ethnicity and gender while signaling the same social class (working or 

middle class). These 56 combinations comprise eight female and eight male ‘white’-sounding Anglo-

Saxon American first and last names as well as four female and four male names for five ethnic minority 

groups: German Americans, Asian Americans, African Americans, Hispanic Americans, and Arab 

Americans. In each gender-race-ethnicity group, two of the name combinations have an Anglo-sounding 

first name (e.g., Susan Wong), while the other two name combinations have more ethnic-sounding first 

names (e.g., Mei Lin). We drew the 56 names used in our vignette experiment from Baert et al.’s (2022) 

Table 2. 

As can be seen in Table 1, we also varied the applicants’ details in four additional factors: their (i) 

commuting distance (i.e., the distance the applicants would have to commute between the job and their 

home; 0–5 miles, 5–10 miles, 10–50 miles, or More than 50 miles), (ii) experience in the occupation 

(None, About two years, About five years, or About ten years), (iii) recent period of unemployment (Yes 

or No), and (iv) extracurricular activities (None, Volunteering, Sports activities, or Cultural activities).12,13 

We selected these extra factors and corresponding levels based on (i) a screening of American résumés 

for elements typically included in these résumés and (ii) findings in the literature (Olian, Schwab, & 

Haberfeld, 1988; Lahey, 2008; Nuijten, Poell, & Alfes, 2017; Carlsson, Reshid, & Rooth, 2018; Van Belle 

et al., 2018; Van Belle et al., 2019; Van Borm et al., 2020). To check whether these extra factors were 

                                                      
11 For example, if the job applicant was an African American man, one African American male name was randomly drawn out 

of the pool of four possible African American male names.  

12 Varying these additional factors has two advantages: (i) we increase the ecological validity of our experiment by mimicking 

real-life hiring decisions as closely as possible, and (ii) we avoid the influence of social desirability by concealing our primary 

goal. 

13 The choice to vary the candidate characteristics over five vignette factors was made based on Auspurg and Hinz’s (2014) 

recommendation to work with vignettes of middling complexity, i.e., vignettes in which approximately seven (plus or minus 

two) vignette dimensions varied. This avoids overburdening participants with a too-complex vignette design and, at the same 

time, assures enough stimulation to prevent participants from dropping out because of boredom or fatigue, as might occur 

with an overly simple design (Auspurg & Hinz, 2014). 
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perceived to be (i) relevant, (ii) realistic, and (iii) informative for employers, we conducted a pilot test of 

our survey with 40 American Prolific users who were experienced in hiring.14 We will discuss this pilot 

study further in Section 2.2. We selected the factors and their levels such that illogical or implausible 

cases could not occur (Auspurg & Hinz, 2014). 

By combining all vignette levels for the five factors (24 × 4 × 4 × 2 × 4), we were able to construct 3,072 

unique vignettes (the vignette universe). However, Auspurg and Hinz (2014) recommended that each 

vignette be evaluated at least five times. In the context of our experiment, this would require either an 

enormous sample of participants or each participant to assess an immense number of vignettes—which 

could cause fatigue among the participants and compromise the quality of our data (Auspurg & Hinz, 

2014). Therefore, following Auspurg and Hinz (2014), we decided to sample vignettes from the vignette 

universe (deriving a vignette fraction) using a D-efficient resolution V design. A D-efficient resolution V 

design selects the vignettes with the most statistical power while ensuring the estimation of all relevant 

parameters (Auspurg & Hinz, 2014).15,16,17 This resulted in a more efficient design that required fewer 

participants or vignette evaluations per participants than a less efficient design would (such as a design 

obtained through random sampling). In total, we sampled 480 vignettes from the vignette universe 

using the Kuhfeld (2010) computer algorithm as explained in Auspurg and Hinz (2014). 18 In doing so, we 

obtained a D-efficient resolution V design with a sufficiently high D-efficiency (92.13) that also allowed 

                                                      
14 Prolific Academic (see Section 3.1. for a more elaborate discussion of Prolific), is one of the many online crowdsourcing 

platforms on which researchers can recruit participants to perform certain tasks in return for financial compensation (Palan & 

Schitter, 2018). 

15 Sampling a vignette fraction from the vignette universe typically leads to a loss of information and could cause partial 

confounding (i.e., the occurrence of moderate or strong correlations between different vignette dimensions; Atzmüller & 

Steiner, 2010; Auspurg & Hinz, 2014). However, using a D-efficient resolution V design, instead of random sampling, allows us 

to retain much of the available information and avoid partial confounding. 

16 A D-efficient design enhances statistical precision by maximizing both orthogonality and level balance (i.e., equal frequencies 

of all levels). 

17 The resolution of a design defines which effects, including possible interaction effects, are identifiable in a given vignette 

fraction (Dülmer, 2007; Kuhfeld, 1997; Auspurg & Hinz, 2014). Resolution V corresponds to a design where all main effects and 

two-way interactions are identifiable. 

18 To select the 480 vignettes, we used the freeware macro %Mktex developed by Kuhfeld (2010). The algorithm considers the 

desired number of vignettes for the experiment, the identified parameters, and the defined number of factors and associated 

levels to first build a set of potential designs and, subsequently, search for the design with the highest D-efficiency. D-efficiency 

is sufficiently high when it exceeds 0.90 (Auspurg &Hinz, 2014; Kuhfeld, 1997; Kuhfeld, Tobias, & Garratt, 1994). For more 

information, see Auspurg and Hinz (2014). 
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for the estimation of all main effects and two-way interactions. Subsequently, we blocked the 480 

vignettes into 96 sets of 5 vignettes (or decks), again using Kuhfeld’s (2010) algorithm. To avoid order 

effects, we randomized the order of the five vignettes within each deck. During the experiment, we 

randomly assigned one of the 96 decks to each of the participants. 

2.2. Online Survey  

As mentioned, the prime feature of factorial survey applications is the implementation of a 

multidimensional experimental design within a survey (Auspurg & Hinz, 2014). For this study, we 

implemented the experimental design described in the previous section in an online survey designed in 

Qualtrics and administered in English. Next, we describe the different elements of the online survey. 

The survey consisted of two distinct parts. The first part of the survey asked twelve questions to gather 

information from participants regarding several personal characteristics.19 We first questioned the 

participants about five demographic characteristics: (i) their gender (male, female, or ‘X’), (ii) their age, 

(iii) the state they lived in, (iv) their highest obtained degree (university education, higher education 

outside university, secondary education, or lower than secondary education), and (v) their race or 

ethnicity (white, Hispanic or Latino, Black or African American, Asian, American Indian or Alaska Native, 

Middle Eastern or North African, Native Hawaiian or other Pacific islanders, or some other race or 

ethnicity).20  

We also surveyed participants concerning their tendency to answer in a socially desirable way. To do so, 

we used the 13-item version of the Marlowe-Crowne Social Desirability Scale (MC-SDS) developed by 

Reynolds (1982), one of the instruments used most frequently to measure social desirability (Beretvas, 

Meyers, & Leite, 2002; Sârbescu, Costea, & Rusu, 2011; Baert, 2018b). The scale consists of 13 

statements describing culturally sanctioned or approved behavior (e.g., ‘There have been times when I 

was quite jealous of the good fortune of others.’). Participants were asked to indicate ‘true’ when the 

statement applied to them or ‘false’ when it did not. We coded the answers so that socially desirable 

responses corresponded to a score of 1, and socially undesirable ones corresponded to 0. Cronbach’s 

                                                      
19 Before we redirected the participants to the actual survey, we showed them a short introduction in which we explained the 

research aim and described the task they would have to perform. We described the study’s aim broadly and vaguely to obscure 

the actual goal of the study from participants and avoid socially desirable answering. We also described the estimated survey 

time, ensured the anonymity and confidentiality of respondents’ answers, and highlighted the value of their participation. After 

the introductory text, participants had to read and sign a consent form to participate in the survey. 

20 In addition to indicating their highest obtained degree, the participants had to check an additional box as an attention check. 
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alpha for this scale was 0.813 for our sample, which is sufficiently high. Summing the scores for all items 

yielded a total score between 0 and 13 for answering in a socially desirable manner. As in Van Borm, 

Burn, and Baert (2021), we divided this number by 13 to obtain a proportion between 0 and 1. 

Lastly, we also asked participants to answer six questions about their experience evaluating job 

applicants. They were asked to indicate (i) whether they had experience in evaluating job candidates in 

their current or last job (yes or no), (ii) the frequency with which they were, in general, involved in the 

evaluation of job candidates in their current or last job (daily, weekly, biweekly, monthly, once per 

semester, once a year, or less frequently), (iii) the frequency with which they were involved in the 

evaluation of job candidates in the last year (0 times, 1 time, 2 times, 3 times, 4 times, or 5 times or 

more), (iv) the amount of time (in years) they had been involved in evaluating job candidates (less than 

one year, 1–5 years, more than 5 years, or not applicable), (v) whether they recruited in a specific sector 

(yes or no) and if so, which one (construction, technical sector, ICT sector, financial sector, 

administration, sales, human resources, transport or logistics, or other), and (vi) a description of their 

current or last occupation (manager, specialist in personnel and career development, employment 

agency employee, management assistant, general administrative assistant, or other).  

The second part of the survey covered the online experiment discussed in Section 2.1. At the beginning 

of the online experiment, we informed the participants about their task: to evaluate five fictitious job 

applicants for a particular job vacancy at a hypothetical firm.21 Subsequently, participants were shown 

a job opening for one of the following ten positions: (i) sewing machine operator, (ii) usher, (iii) stock 

clerk, (iv) data entry keyer, (v) farm labor contractor, (vi) judicial law clerk, (vii) gem and diamond worker, 

(viii) exercise physiologist, (ix) computer hardware engineer, and (x) management analyst. To improve 

the external validity of our study, we selected jobs from different sectors. We created the job 

descriptions for the vacancies based on specifications found on O*Net.22 To avoid any effects of the job 

specifications on the results, we formulated them as uniformly as possible. We present an overview of 

the descriptions in Table A–1 in the Appendix. We randomly assigned the job vacancies to participants 

such that all ten vacancies were displayed with equal probability and did not correlate with the assigned 

deck of fictitious profiles. 

Just after reading the assigned job vacancy, participants had to rate two statements that measured their 

                                                      
21 We decided to ask participants to evaluate job candidates for a hypothetical firm instead of their own firm to ensure the 

internal validity of our experiment.  

22 O*Net is an online databank developed by the U.S. Department of Labor Employment and Training Administration that 

summarizes occupational information on thousands of jobs (National Center for O*NET Development, 2019). 
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experience in hiring job applicants for the presented vacancy and their feeling of competence to 

perform the task at hand. Participants had to rate both statements on an 11-point Likert scale ranging 

from 0 (strongly disagree) to 10 (strongly agree). 

After participants completed the comprehension check, they were redirected to the scenario sketch 

constructed analogously to Sterkens, Baert, Rooman, and Derous (2021). In the scenario sketch, we 

explained to the participants that the selection process for the mentioned vacancy consisted of several 

rounds and that one of their colleagues had conducted the first interview with a selection of the 

candidates. We informed them that they had to give a second opinion on five of these candidates based 

on their colleague’s interview notes, which were summarized in small tables presented on the following 

pages. The interview notes mentioned the candidate characteristics discussed in Section 2.1 and 

summarized in Table 1. We clarified that all candidates were formally eligible for the vacancy in terms 

of education level and work experience and highlighted that the mentioned periods of unemployment 

were between one and six months over the last five years. We also noted that all of the candidates lived 

in the United States and were American by nationality. We mentioned the latter to ensure that the 

participants in the experiment knew none of the job applicants were first-generation immigrants. Lastly, 

we told the participants to rate each candidate accurately and clarified that they could jump between 

the different candidates and adjust their ratings as desired. 

When participants completed reading the scenario sketch, they were shown the tabulated summaries 

of the fictive job applicants’ characteristics.23 Based on the given information, participants had to assess 

each job candidate in terms of (i) their intention to invite the job applicant to the second round, (ii) their 

perceptions of the productivity of each candidate (based on the model of statistical discrimination and 

measured with 19 items), and (iii) their attitude toward collaborating with each candidate (based on the 

model of taste-based discrimination and measured with three items). 

First, to measure participants’ invitation intentions, we adopted one item from Sterkens, Baert, 

Rooman, and Derous (2021). The participants had to indicate their intention to invite a job candidate to 

the next round (hereafter called ‘the invitation probability’) on an 11-point Likert scale ranging from 0 

(strongly disagree) to 10 (strongly agree). Second, to survey participants’ perceptions of the job 

applicants, we developed 19 different statements, each corresponding to a particular productivity-

                                                      
23 We displayed the candidate features in the same order as they would appear on real résumés, which is also the order they 

are presented in Table 1. Moreover, to ensure that participants considered all elements of the information mentioned in the 

tables and avoid order effects, we fixed the position of each of the tables on the screen such that they remained visible to the 

participants while they assessed the candidates. 
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related stereotype about people who belong to one of the five ethnic minority groups, based on a 

thorough review of the relevant academic literature.24 We developed items concerning job applicants’ 

perceived (i) intellectual capacities, (ii) social capacities, (iii) physical capacities, (iv) technological 

knowledge and skills, (v) language skills, (vi) leadership skills, (vii) assertiveness, (viii) ambition, (ix) 

motivation, (x) autonomy, (xi) efficiency, (xii) organizational skills, (xiii) reliability, (xiv) trainability, (xv) 

flexibility, (xvi) accuracy, (xvii) openness to new people and experiences, (xviii) respect toward authority, 

and (xix) sense of responsibility. Participants had to rate all 19 items on an 11-point Likert scale ranging 

from 0 (strongly disagree) to 10 (strongly agree). Lastly, we included three items adapted from Van 

Borm, Burn, and Baert (2021) to measure potential taste-based discrimination induced by the employer, 

employees, or customers. Participants had to indicate their own, their employees’, and their customers’ 

willingness to collaborate with a particular candidate using the same 11-point Likert scale as before. We 

present an overview of the different measures and corresponding statements in Table 2.25 

<Table 2 about here> 

After the participants evaluated all five candidates, we presented them with a manipulation check to 

investigate whether they had received the intended experimental treatment (i.e., that they noticed the 

name of each job applicant and associated them with the intended gender and race). For the 

manipulation check, participants first had to select their assigned job candidate’s name from a list with 

two possible options. Subsequently, they had to indicate the (i) gender (male or female), (ii) social class 

(low class, working class, middle class, or high class), and (iii) race-ethnicity group (white American, 

African American, Hispanic or Latino American, Arab American, Asian American, German American, or 

none of the above) with which they associated that name. At the end of the manipulation check, they 

also had to indicate on an 11-point Likert scale going from 0 (strongly disagree) to 10 (strongly agree) 

whether they found it hard to remember the names of the job applicants when asked. 

As mentioned in Section 2.1, we conducted a pilot test on Prolific Academic (hereafter called ‘Prolific’) 

with 40 American Prolific users who were experienced in evaluating job applicants to check the overall 

                                                      
24 Although, in this study, we focused on several individual stereotypes, Cuddy, Fiske, and Glick (2007) offer the stereotype 

content model, a framework that proposes potentially universal principles of societal stereotypes. The stereotype content 

model defines two universal dimensions of social perception, competence and warmth, to which all existing stereotypes 

regarding particular ethnic groups can be reduced. For research on the stereotype content model applied to ethnic minority 

groups, see Lee and Fiske (2006). 

25 To avoid order effects, we randomized the order of display of the 22 different statements (i.e., 19 related to statistical 

discrimination and three to taste-based discrimination) between the participants. However, within each deck, the order of 

display of the 22 statements was kept fixed. 
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quality of our online survey. The participants first had to complete the entire online survey. After 

completing the survey, they filled out an evaluation form in which they were asked to rate the clarity, 

relevance, ecological validity, and informativity of the assigned profiles, the presented job vacancy, and 

the overall survey. The results of this pilot with 200 (40 × 5) candidate evaluations (available upon 

request) indicated that the quality of the fictitious profiles, the fictive job vacancies, and the overall 

survey was sufficiently high. 

3. Data 

3.1. Data Collection 

The online survey described in Section 2.2 was offered to participants via the online platform Prolific 

Academic. As previously mentioned, Prolific is one of the many online crowdsourcing platforms on 

which scholars can recruit participants to perform particular tasks in return for financial compensation 

(Palan & Schitter, 2018). Prolific is particularly attractive because it is specifically designed for 

researchers and their needs and has been found especially suitable for social and economic science 

experiments (Palan & Schitter, 2018; Peer, Brandimarte, Samat, & Acquisti, 2017). Moreover, the data 

quality derived from Prolific has been found to be superior to that from other platforms, such as the 

widely used platform Amazon Mechanical Turk (Peer et al., 2017; Peer, Rothschild, Evernden, Gordon, 

& Damer, 2021). Unsurprisingly, a vast number of scholars from various disciplines, such as economics 

(Frimpong, Shuridah, Wilson, & Sarpong, 2020; Lucas, Berry, Giurge, & Chugh, 2021; Marreiros, Tonin, 

Vlassopoulos, & Schraefel, 2017; Singh, Crisafulli, Quamina, & Kottasz, 2020), psychology (Anwyl-Irvine, 

Massonnié, Flitton, Kirkhal, & Evershed, 2020; Callan, Kim, Gheorghiu, & Matthews, 2017; Costin & 

Vignoles, 2020; Dutt & Kohfeldt, 2019; Roster & Ferrari, 2020), and political sciences (Kaufmann, 2019; 

Peitz, Dhont, & Seyd, 2018), have used the platform to recruit participants for their studies. 

To participate in our study, participants had to meet two criteria. First, they had to be born and currently 

reside in the United States. Second, they had to have experience in evaluating job applicants. To reach 

our target group of participants, we employed the pre-screening filters offered by Prolific. Only people 

who met these two screening criteria were invited to participate in the study. At the beginning of the 

survey, we included four screening questions that were identical to the pre-screening filters to confirm 
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that the filters worked properly and were still up to date.26 Participants who provided answers to the 

screening questions that deviated from their answers to the pre-screening filters were redirected out 

of the survey.  

During data collection, we subjected all completed surveys to quality control, taking into account (i) the 

quality of the answers, (ii) the time spent taking the survey, (iii) whether the respondent passed the 

attention check (see footnote 20), and (iv) whether the respondent was able to provide the correct 

completion code.27 Only participants who provided high-quality data were included in our final sample 

and compensated for participating in the study. Between March 18 and May 7, 2021, 648 participants 

filled in the survey completely and accurately, resulting in a preliminary sample of 3,240 observations 

because each participant had to assess five fictitious job applicants. 

However, this preliminary sample also contained participants who did not receive the experimental 

stimuli correctly. That is, not all participants in this sample categorized the job applicants in the intended 

gender, race-ethnicity, or social class in the manipulation check (see Section 2.2). To ensure that our 

results would not be biased by noisy name signals, we restricted our sample by considering only those 

observations from participants who categorized the fictitious job applicants correctly in the 

manipulation check. Our final sample consisted of 2,362 observations. We give a short description of 

our data in the next section.  

3.2. Data Description 

In Table 3, we present descriptive statistics regarding various participant characteristics (Panel A) and 

the ten different job vacancies (Panel B) for both our total sample (column 1) and six subsamples of 

participants: those who evaluated (i) white Anglo-Saxon Americans, (ii) German Americans, (iii) Asian 

Americans, (iv) African Americans, (v) Hispanic Americans, and (vi) Arab Americans (columns 2 to 7). We 

ran multiple one-way ANOVA estimations to check whether the randomization of the job applicants’ 

race-ethnicity over the participants had gone as planned and the job vacancies were evaluated with 

about the same frequency for each race-ethnicity group of job applicants. We present the results of 

                                                      
26 The screening questions consisted of answering ‘United States’ to the questions (i) ‘What is your nationality?’, (ii) ‘What is 

your country of birth?’, and (iii) ‘In what country do you currently reside?’ and answering ‘yes’ to the question, ‘Do you have 

any experience in making hiring decisions (i.e., have you been responsible for hiring job candidates)?’ 

27 When participants finished the survey, they were assigned a completion code to submit to Prolific. Only when participants 

submitted the correct completion code were they included in the final sample and paid the predetermined financial 

compensation. 
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these estimations in column 8 of Table 3. 

<Table 3 about here> 

From the descriptive statistics in Table 3, it becomes clear that our total sample matches the intended 

target population of American people with experience evaluating job applicants (Panel A, column 1). 

Almost 70% of the participants in our sample assess job applicants at least once per semester in their 

current jobs, about half of them have been evaluating job candidates for more than five years, and 

92.20% have been assessing job applicants for at least one year. Moreover, our sample of participants 

is 47.40% female, 58.10% younger than 40, and 81.80% white Anglo-Saxon Americans. Lastly, the 

majority of our participants have a university degree (75.90%) and are full-time employed (78.90%). 

Panel B of column 1 shows that participants were assigned each of the ten job vacancies with about the 

same frequency. 

Table 3 (Panel A, columns 2 to 8) also shows that the randomization of the ethnic job candidates across 

the different participants was successful. The participants who evaluated white Anglo-Saxon Americans 

and those who assessed candidates belonging to one of the five race-ethnicity minority groups are 

similar in terms of their measured characteristics. The same is generally true for the randomization of 

the candidates’ race-ethnicity across the ten different job vacancies (Panel B, columns 2 to 8). 

Participants evaluated roughly the same number of job applicants from each of the six race-ethnicity 

groups for every job vacancy, except for the job of exercise physiologist. African, Hispanic, and Arab 

American candidates were assessed less often for that job. 

To check whether our sample represents real-world American HR professionals, we compare some 

summarized statistics from our sample with a sample of HR professionals in the American Community 

Survey (ACS) (see Table A–2 in the Appendix). In light of this, we conducted different binomial tests (for 

the binary variables) and one one-sample t-test (to compare the mean age between the two samples). 

The results show that our sample is not completely representative of real-world American HR 

professionals. Our sample contains more males than the ACS sample (47.39% females versus 67.00% 

females, p = 0.000), is slightly younger (39.632 years old versus 45.363 years old, p = 0.000), and slightly 

lower educated (82.89% with a tertiary degree versus 86.00%, p = 0.000). However, our sample is similar 

to the ACS sample of recruiters in terms of race-ethnicity.  
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4. Results 

4.1. Hiring Chances of the Six Race-Ethnicity Groups 

Although the main goal of this study was not to measure hiring discrimination, we nonetheless briefly 

examine whether belonging to a race-ethnicity minority group but not to a lower social class negatively 

influences one’s hiring chances in the context of our experiment.  

To this end, we ran a linear regression in which we regressed the standardized version of the invitation 

probability on the candidates’ race-ethnicity, taking white Anglo-Saxon Americans as the reference 

category and including the other candidate characteristics, participant characteristics, and job vacancies 

as control variables.28, 29 The standard errors are corrected for the clustering of observations at the 

participant level. We can then run an additional regression similar to the one described above, however, 

instead of including candidates’ race-ethnicity in the regression using five dummy variables 

corresponding to each of the five studied minority groups, we use ten different dummy variables, one 

per minority group corresponding to Anglo-sounding first names and one to ethnic-sounding first 

names. We present the results of these analyses in Table 4 (Panel A). In Table A–3 (Panel A) in the 

Appendix, we present the results of these analyses conducted with a sample of participants with low 

scores on the MC-SDS (lower than the sample mean plus one standard deviation: 0.736). 

<Table 4 about here> 

As Table 4 (Panel A, columns 1, 4, 7, 10, and 13) shows, we do not find any negative hiring discrimination 

toward the different race-ethnicity minority groups when we run the analyses with our total sample. 

We even find quite the opposite. While both African and Hispanic Americans have invitation chances 

that are no different from the majority group of white Anglo-Saxon Americans, German Americans, 

Asian Americans, and Arab Americans have a higher probability to be invited to the second job interview 

than the majority group (significant at the 5% significance level). If we consider the results of the sample 

of participants with low scores on the MC-SDS, the results remain generally the same, albeit the positive 

effects of being a German American or an Arab American on one’s hiring chances then become weakly 

significant at the 10% significance level (Table A–3, Panel A, columns 1, 4, and 13). 

Although these overall positive results are initially unexpected and contradictory to the results reported 

                                                      
28 All statistical analyses were performed in Stata and the code used for the different analyses is available upon request. 

29 More complex analyses are unnecessary as our independent variable is experimentally manipulated so that there is no 

correlation with unobserved characteristics. 
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in previous studies, there are different explanations for them linked to our research design. First, we 

focus on second- or higher-generation immigrants (see Section 2.2). In doing so, we account for 

potentially assumed differences in human capital (e.g., language skills or institutions and quality of 

education) between majority and minority job applicants (Bisschop, ter Weel, & Zwetsloot, 2020; 

Jacobs, Rycx, & Volral, in press; Piton & Rycx, 2021). Moreover, second- or higher-generation immigrants 

might also be perceived as more assimilated to the host country, decreasing the perceived sociocultural 

distance between them and the majority group. This could explain why the employers in our experiment 

evaluated minority group job applicants like majority group job candidates. Although previous research 

has found that, overall, ethnic minorities are penalized in the hiring process (Zschirnt & Ruedin, 2016), 

studies that particularly diversify between domestic-born (i.e., second or higher generation) and 

foreign-born immigrants in their correspondence tests find results that align with ours. That is, the hiring 

discrimination either decreases remarkably when the minority job applicant is born in the host society 

(Busetta, Campolo, & Panarello, 2018; Carlsson, 2010; Drydakis, 2010; Oreopoulos, 2011; Veit & 

Thijssen, 2021) or completely disappears (Veit & Thijssen, 2021, found no discrimination toward 

domestic-born race-ethnicity minorities in Germany and Spain). Furthermore, previous experimental 

research in which job applicants’ levels of assimilation were experimentally manipulated found that 

signals of higher assimilation (e.g., the type of first name or the extracurricular activities mentioned in 

a résumé) increased the hiring chances of race-ethnicity minority job applicants (Baert & Vujić, 2016; 

Derous, Nguyen, and Ryan, 2009; Fossati, Liechti, & Auer, 2020; Kang, DeCelles, Tilcsik, & Jun, 2016). 

Another explanation for the overall positive hiring chances found in our study is that we also accounted 

for the potential unintended name signals of social class. As Gaddis (2017a, 2017b, 2019) has argued, 

previous research on ethnic discrimination often failed to take these possible additional name signals 

into account during data collection, which could have led researchers to overestimate the discrimination 

based on race or ethnicity that they found because some of it could be attributed to the perceived lower 

social class of the race-ethnicity minority job applicants.30 Our results suggest that Gaddis’s (2017a, 

2017b, 2019) criticism is justified. That is, according to our findings, hiring discrimination based on race-

ethnicity seems to disappear completely and even reverse for some groups when we keep the social 

class associated with names constant across the experimental stimuli. This finding is further supported 

                                                      
30 This argument seems valid as previous research in the United States has found that having a lower social class negatively 

affects someone’s hiring chances (Rivera & Tilcsik, 2016) and that people typically rate individuals who appear to be from 

higher-class backgrounds as more competent and more desirable workers than those from lower-class backgrounds (Fiske, 

Cuddy, Glick, & Xu, 2002; Neckerman & Kirschenman, 1991; Rivera, 2015; Rivera & Tilcsik, 2016). At the same time, it is widely 

known that in the United States, many ethnic minority groups, and especially African Americans and Hispanic Americans, are 

typically associated with a lower social class (Ridgeway & Kricheli-Katz, 2013).  
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by Darolia et al.’s (2016) correspondence study findings, which also found no discrimination toward 

Black and Hispanic job applicants in the United States after accounting for the social class signals of the 

names used in the experiment. 

The last explanation for our overall positive results is social desirability bias. Although we designed our 

vignette experiment to minimize social desirability bias as much as possible (see Sections 2.1 and 2.2) 

and our results do not change drastically when we rerun our analyses with a subsample of participants 

with low scores on the MC-SDS, we cannot ensure that our results were completely safeguarded from 

socially desirable answering. Therefore, we may have somewhat underestimated the ethnic 

discrimination in hiring toward the five minority groups studied in this research.31, 32 

If we then consider the types of first names revealed in a résumé (Table 4, Panel A, columns 2, 3, 5, 6, 

14, and 15), we see that the advantage that German Americans have over white Anglo-Saxon Americans 

is present for both job applicants with English-sounding and ethnic-sounding first names, while the 

advantages that Asian Americans and Arab Americans have mostly exist for job applicants with Anglo-

sounding first names. Again, we obtain similar results if we run the analysis with a sample of participants 

who are less inclined to answer in socially desirable ways (Table A–3, Panel A, columns 2, 3, 5, 6, 14, and 

15), albeit the results obtained by doing so are only weakly significant at the 10% significance level, 

except for the positive effect of having an Anglo-sounding Arab first name on one’s invitation probability 

(p = 0.009). 

These results align extremely well with the abovementioned idea that immigrants who signal high levels 

of assimilation in the host country have higher hiring chances than those who are perceived to be less 

assimilated (higher-generation immigrants have better chances) (Fossati, Liechti, & Auer, 2020). As Kang 

                                                      
31 Note also that his research was conducted after the murder of George Floyd in the United States, which led to massive 

protests and the foundation of the Black Lives Matter movement. The incident and the protests that followed could have 

increased employers’ awareness of structural racism and discrimination toward ethnic minorities in the United States, which 

could have lowered possible unintentional ethnic discrimination. However, the incident could also have increased employers’ 

tendency to answer in socially desirable ways because the subjects became more racially sensitive.  

32 Another potential explanation for the null findings is that our data may lack statistical power. However, we believe that this 

explanation is invalid because (i) ex ante, we ensured sufficient levels of statistical power by working with a D-efficient 

resolution V design and conducting the experiment with a relatively large sample of participants, (ii) ex post, we can see that 

the coefficients of the null findings are positive and not insignificantly negative, and (iii) ex post, we can see that the standard 

errors of non-significant coefficients are rather small (1.96 times the standard error is still a small number compared to the 

standard deviation of the outcome variable). In other words, our null hypothesis of no effect could have been rejected even 

with a small coefficient. 
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et al. (2016) demonstrated, having an Anglo-sounding first name could signal higher levels of 

assimilation in the host country, which may cause employers to prefer job applicants with Anglo-

sounding first names compared with those with ethnic-sounding first names. 

Although we did not find any hiring discrimination toward ethnic minority job applicants, this does not 

necessarily mean that no stigma toward race-ethnicity minority applicants exists. Both positive and 

negative stereotypes and attitudes about ethnic minority job applicants may be present but 

counteracting each other. In the following section, we investigate whether the stereotypes and 

attitudes identified in previous studies are also identifiable in the context of the hiring process and might 

give us further insights into why we did not find any hiring discrimination toward some ethnic minority 

groups and a hiring premium for others. 

4.2. Positive and Negative Stereotypes and Attitudes: Do They Counteract Each Other?  

To investigate the presence of compensating positive or negative stereotypes and attitudes toward the 

ethnic minority job applicants in our experiment, we ran regressions with the same specifications as 

those discussed in Section 4.1. We now use the 22 scales related to the different ethnic minority 

stereotypes and attitudes discussed in Section 2.2 and summarized in Table 2 as dependent variables in 

each of the individual regressions. We present the results of the regressions concerning the total sample 

in Table 4 (Panel B) and the results concerning the sample of participants with low scores on the MC-

SDS scale in Table A–3 (Panel B) in the Appendix. In both tables, each row in Panel B contains the results 

of one of the 22 individual regression analyses. 

For our total sample (Table, Panel B, columns 1, 4, 7, 10, and 13), we find that employers perceive most 

of the minority job applicants similarly to the majority applicants. German Americans, African 

Americans, Hispanic Americans, and Arab Americans are not rated very differently from white Anglo-

Saxon American majority applicants on the 22 employer perception and attitude scales. Only African 

Americans are perceived as less responsible (p = 0.033) and Hispanic Americans are perceived as more 

ambitious (p = 0.042) than majority group job applicants.33 However, these two effects do not hold if 

we rerun the analyses with the MC-SDS sample—the positive perception that Hispanic Americans are 

                                                      
33 We also find some weakly significant effects. German Americans are rated more positively than white Anglo-Saxon job 

applicants on perceived flexibility and Hispanic Americans more positively on perceived motivation, organizational skills, 

respect toward authority, and sense of responsibility. Moreover, African American job candidates were evaluated less positively 

than the majority job candidates about their perceived leadership skills, and Arab Americans were evaluated less positively 

about customers’ willingness to collaborate with them as perceived by employers. 
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more ambitious becomes insignificant and the negative perception that African American applicants are 

less responsible becomes significant only at the 10% significance level. Moreover, if we run our analyses 

with the MC-SDS sample, the weakly significant effect about German Americans’ perceived flexibility 

found for the total sample (see footnote 38) becomes more significant (p = 0.021). 34 

Similar to the results found concerning job candidates’ hiring chances, we again found that employers 

did not rate German, African, Hispanic, or Arab Americans very differently from the majority group. 

Although this might seem logical for the German American job applicants because they are very 

socioculturally close to the majority group (Bogardus, 1925; Fiske & Lee, 2006), the results about 

African, Hispanic, and Arab American job applicants contrast with those from previous stereotype 

content research (Federal Glass Ceiling Commission, 1995; Ghavami & Peplau, 2012; Lee & Fiske, 2006; 

Schulz & Haerle, 1995; Zou & Cheryan, 2017). The idea that compensating positive and negative 

stereotypes about these four race-ethnicity minority groups, which could explain the null effects found 

in Section 4.1, does not seem to apply here.  

However, similar explanations to those mentioned in Section 4.1 might apply here as well. Because we 

focus on second-or higher-generation immigrants in our study, the race-ethnicity minority job 

applicants could be perceived as being more assimilated into the host society than first-generation 

immigrants, which could have increased the perceived sociocultural closeness of these minority groups 

to the majority group. This may have led to the race-ethnicity minority applicants being perceived as 

less prototypical for their race-ethnicity groups and, thus, being evaluated less in stereotypical terms 

than less-assimilated minority group applicants.35 This statement is supported by Lee and Fiske’s (2006) 

results, who found that third-generation immigrants are rated similarly to white Anglo-Saxon Americans 

in terms of competence (e.g., intellectual abilities) and warmth (e.g., openness). Moreover, employers 

might have rated the minority and majority job applicants similarly because we kept the social class 

constant across the job applicants, further increasing the sociocultural closeness of our race-ethnicity 

minority groups to the majority group and decreasing the degree to which job applicants belonging to 

these minority groups conform to the prototypical image of their race-ethnicity group. Moreover, Lee 

                                                      
34 Running the analyses with the MC-SDS sample, some weakly significant effects identified for the total sample disappear while 

other weakly significant effects appear. All of the weakly significant effects found regarding Hispanic and Arab job applicants 

disappear (see footnote 38). Meanwhile, weakly significant positive effects appear concerning German Americans’ perceived 

openness and respect toward authority and weakly significant negative effects appear regarding African Americans’ perceived 

social abilities, ambition, and trainability.  

35 The race-ethnicity prototypicality of a person refers to the degree to which a person conforms to the prototypical (or 

stereotypical) image of a certain race-ethnicity group in society (Ridgeway & Kricheli-Katz, 2013; Van Borm & Baert, 2022).  



 

23 

and Fiske (2006) found that most immigrant groups’ stereotypes are associated with their social class. 

The perceived socioeconomic status of immigrant groups seems to influence the content of the 

stereotypes about immigrant groups. Our choice to keep the different job candidates’ associated social 

class constant might further explain the low variation in employers’ perceptions and attitudes toward 

the job applicants of the different race-ethnicity groups.  

Although employers’ perceptions and attitudes toward job applicants do not explain the lack of race-

ethnicity effects on German, African, Hispanic, and Arab Americans’ hiring chances, they do seem to 

explain the hiring premium for Asian Americans found in Section 4.1. In the context of our experiment, 

we do find that employers perceive Asian Americans (i) to have more intellectual abilities, (ii) to have 

better organizational skills, and (iii) to be more ambitious, (iv) motivated, (v) efficient, and (vi) open to 

new people and experiences (Table 4, Panel B, column 4). All of these effects are significant at the 5%  

or 1% significance level.36 These results remain the same if we run the analyses again with the MC-SDS 

sample, except for the highly significant positive effect concerning Asian Americans’ efficiency, which 

becomes significant only at the 10% significance level.37, 38 As employers perceive Asian American job 

applicants more positively than white Anglo-Saxon Americans, it is unsurprising that their hiring chances 

are also higher than those of white Anglo-Saxon Americans (see Section 4.1). 

If we distinguish the minority job applicants by the type of first name mentioned in their résumés, we 

find further differences in employers’ candidate evaluations. Concerning German Americans (Table 4, 

Panel B, columns 2–3), we find that employers assume their coworkers will be less willing to collaborate 

with German Americans with Anglo-sounding first names (p = 0.036). However, this result does not hold 

if we run the analyses with our MC-SDS sample (Table A–3, Panel B, column 2). Additionally, for our total 

sample, we also find weakly significant positive effects about the perceived social abilities and flexibility 

of German Americans with ethnic-sounding first names. These two effects become significant at the 5% 

                                                      
36 We also find two weakly significant positive effects—employers perceive Asian American job candidates as having more 

technological knowledge and skills and a greater sense of responsibility than white Anglo-Saxon job applicants.  

37 When running the analyses with the MC-SDS sample, the weakly significant positive effect related to Asian Americans’ 

technological knowledge and skills that was identified using the total sample disappears, while other weakly significant effects 

appear. A weakly significant positive effect appears regarding Asian American job applicants’ perceived (i) reliability, (ii) 

flexibility, and (iii) respect toward authority. 

38 These positive perceptions, along with the hiring premium found in Section 4.1., toward Asian American job applicants 

partially align with the notion of Asian Americans as the ‘model minority,’ or the idea that Asian Americans are a relatively 

successful minority group who are highly competent and competitive but also less warm, which was identified in previous 

studies (Federal Glass Ceiling Commission,1995; Ghavami & Peplau, 2012; Kitano & Sue, 1973; Lee & Fiske, 2006; Lin, Kwan, 

Cheung & Fiske, 2005; Reyna, Wetherell, & Dobria, 2013; Zou & Cheryan, 2017). 
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significance level if we run our regressions with the MC-SDS sample (Table A–3, Panel B, column 3). The 

positive perception that German Americans as a whole are more flexible than white Anglo-Saxon 

candidates (Table A–3, Panel B, column 1) found when using the MC-SDS sample, therefore, seems to 

be driven mainly by German Americans with an ethnic-sounding first name. 

Furthermore, we find that the positive stereotypes about Asian Americans mostly apply to Asian 

Americans with ethnic-sounding first names (Table 4, Panel B, columns 5–6). The participants in our 

experiment perceived Asian Americans with ethnic-sounding first names as (i) having more intellectual 

abilities (p = 0.002), and (ii) being more efficient (p = 0.021), and to a lesser extent, also as (iii) having 

more technological knowledge and skills (p = 0.051), (iv) being more motivated (p = 0.057), (v) having 

better organizational skills (p = 0.067), (vi) being easier to train (p = 0.098), and (vii) being more open (p 

= 0.057) (Table 4, Panel B, columns 6). Alternatively, we only find two significant positive effects of being 

an Asian American with an Anglo-sounding first name on employers’ perception of Asian American job 

applicants: ambition (p = 0.030) and openness (p = 0.053) (Table 4, Panel B, columns 5). These results 

remain generally the same when we rerun the analyses with our MC-SDS sample (Table A–3, Panel B, 

columns 5–6), albeit some of the weakly significant effects (significant at the 10% level) concerning Asian 

Americans with ethnic-sounding first names become significant at the 5% significance level (those 

concerning their perceived motivation, trainability, and openness) and one additional effect occurs: 

employers in the MC-SDS sample perceive Asian Americans with ethnic-sounding first names as more 

flexible (p = 0.036) than white Anglo-Saxon Americans.  

Also, although we found that African Americans were not rated very differently from the majority group 

overall, we did find that employers perceive African Americans with ethnic-sounding first names to be 

(i) less trainable and (ii) less responsible, and (iii) to have less social abilities than majority group job 

candidates (Table 4, Panel B, columns 8–9). These results are also present in the MC-SDS sample, except 

for the negative effect concerning African Americans with ethnic-sounding first names’ sense of 

responsibility, which becomes insignificant (Table A–3, Panel B, columns 8–9). Our results, therefore, 

indicate that some of the negative stereotypes about African American people are triggered more 

strongly when the African American job applicant has an ethnic-sounding first name than if they have 

an Anglo-sounding first name. 

Lastly, we also find that Arab Americans with English-sounding first names are rated more negatively by 

employers in terms of perceived assertiveness (p = 0.014) and customers’ willingness to interact with 

them as employees (p = 0.045) (Table 4, Panel B, columns 14–15). While employers’ perceptions 

regarding Arab Americans with Anglo-sounding first names persist and even become more significant 

(p = 0.009) in the MC-SDS sample, employers’ beliefs that their customers would be less willing to 
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interact with these employees become significant at the 10% level (p = 0.097) (Table A–3, Panel B, 

columns 14–15).39  

Overall, we can conclude that job candidates with ethnic-sounding first names are evaluated in more 

stereotypical ways than job applicants who go by Anglo-sounding first names, except for Arab 

Americans. This is again very much in line with the idea of prototypicality introduced above and often 

mentioned in intersectionality research (Ridgeway & Kricheli-Katz, 2013; Van Borm & Baert, 2022). 

Race-ethnicity job applicants who are perceived as less assimilated to the host country—for example, 

because they have a first name typically associated with a particular race-ethnicity minority group—

might be perceived as more prototypical for their race-ethnicity than job applicants who are perceived 

as more assimilated, such as those without ethnic-sounding first names. The stereotypes existing about 

a certain race-ethnicity group might be triggered more strongly for job applicants who conform to the 

prototypical image of their race-ethnicity group.  

5. Conclusion 

To gain insights into the drivers of ethnic discrimination in hiring toward multiple race-ethnicity groups 

in the United States, we conducted a state-of-the-art scenario experiment. We asked 473 people with 

genuine experience in hiring to evaluate five fictitious job applicants belonging to different race-

ethnicity groups (German American, Asian American, African American, Hispanic American, and Arab 

American). An important improvement on earlier field and lab experiments on ethnic discrimination was 

that we ensured that applicant names signaled the same social class. We experimentally varied 

candidates’ sociocultural closeness to the majority group of white Anglo-Saxon Americans by alternating 

between candidates with Anglo-sounding first names and candidates with ethnic-sounding first names. 

The recruiters in our experiment first had to indicate their hiring intentions regarding five job applicants. 

Subsequently, they assessed those job candidates using 22 statements related to the dominant 

explanations for ethnic discrimination in hiring found in the models of taste-based and statistical 

discrimination. To address potential social desirability bias, we reran the analyses using a subset of 

recruiters with low scores on a social desirability scale. 

Our results indicate that, after controlling for social class, the hiring chances of job applicants belonging 

                                                      
39 For our total sample, we also find two significant positive effects regarding Hispanic American job applicants with Anglo-

sounding first names: ambition and sense of responsibility. However, as they do for the group of Hispanic Americans as a whole, 

these effects become insignificant when we run the analyses with the MC-SDS sample. 



 

26 

to race-ethnicity minority groups are no lower than those of the majority group of white Anglo-Saxon 

Americans. On the contrary, a substantial hiring premium for Asian American job applicants was found, 

aligning with the idea that Asian Americans are perceived as a relatively successful model minority 

(Kitano & Sue, 1973; Lee & Fiske, 2006). In addition, the hiring chances of German and Arab Americans 

tend to be higher in some respects. 

These results suggest that Gaddis’s (2017a, 2017b, 2019) criticism that the hiring discrimination found 

in previous experimental research might be overestimated because part of the hiring penalty could be 

attributed to other aspects than race-ethnicity (e.g., social class) is justified. According to our findings, 

hiring discrimination based on race-ethnicity seems to disappear completely and even reverse, for some 

groups, when we keep the social class associated with job applicants’ full names constant across the 

experimental stimuli. To further explore Gaddis’s (2017a, 2017b, 2019) claim, it would be interesting 

for future research to conduct field correspondence tests in which, in addition to race-ethnicity and 

gender, the signaled social class of job applicants was experimentally manipulated. Doing so would offer 

better insights into how much of the hiring penalty for race-ethnicity minority groups reported in 

previous correspondence tests is attributable to someone’s race-ethnicity and how much can be 

attributed to other aspects.  

Our results also show that the hiring premium found for some of the race-ethnicity minority groups is 

mainly present for job applicants with Anglo-sounding first names. This result suggests that mentioning 

signals of higher assimilation (such as first-name types) in their résumés could potentially increase the 

hiring chances of job applicants belonging to race-ethnicity minority groups. It would be interesting for 

future research to investigate this claim further through experiments like Baert and Vujić’s (2016) and 

Kang, DeCelles, Tilcsik, and Jun’s (2016), in which signals of assimilation (such as the extracurricular 

activities mentioned in a résumé) are experimentally manipulated. Doing so would permit examining 

whether these assimilation signals ameliorate the hiring chances of different race-ethnicity minority 

groups and whether the effect of assimilation varies across race-ethnicity groups.  

Furthermore, we did not find much evidence for the presence of racial or ethnic stereotypes about most 

of the race-ethnicity groups examined in the context of our experiment after controlling for social class. 

The exception is, again, Asian American job applicants. In accordance with the aforementioned model 

minority stereotype, employers perceived Asian Americans (i) to have more intellectual abilities and (ii) 

to have better organizational skills, and (iii) to be more ambitious, (iv) motivated, (v) efficient, and (vi) 

open to new people and experiences. 

We suggest the notion of prototypicality to explain our null results. We argue that by keeping the social 
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class of our job applicants constant across different race-ethnicity groups, we signaled higher levels of 

assimilation. Thus, our minority group job applicants might have been perceived as less prototypical for 

their race-ethnicity groups and, therefore, might have been evaluated in less stereotypical terms than 

job applicants who were perceived as more prototypical for their race-ethnicity groups. Our results 

concerning employers’ perceptions and attitudes toward job applicants with ethnic-sounding first 

names versus Anglo-sounding first names seem to confirm this line of thought. 
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Table 1. Vignette Factors and Corresponding Levels Used in the Experimental Materials 

Vignette factors Vignette levels 

Name 
{7x Name of white Anglo-Saxon man, Name of German man, Name of Asian man, Name of Black man, Name of Hispanic man, Name of Arab man,7x 
Name of white Anglo-Saxon woman, Name of German woman, Name of Asian woman, Name of Black woman, Name of Hispanic woman, Name of Arab 
woman} 

Commuting distance {0–5 miles, 5–10 miles, 10–50 miles, More than 50 miles} 

Experience in the occupation {None, About 2 years, About 5 years, About 10 years} 

Recent period of unemployment {Yes, No} 

Extracurricular activities {None, Volunteering, Sport activities, Cultural activities} 

Note: The factorial product of the vignette levels (i.e., 24 x 4 x 4 x 2 x 4) generated 3,072 possible combinations. In total, 96 sets of five vignettes were drawn from this vignette universe using 
a D-efficient resolution V design (D-efficiency: 92.13; Auspurg & Hinz, 2014) and distributed at random to the participants as described in Subsection 2.1. 
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Table 2. Statements Used in the Experimental Materials 

Signals and evaluation outcomes Statements  

Perceived intellectual abilities  ‘People with this profile usually have enough intellectual capacities to perform this job well.’ 

Perceived social abilities ‘People with this profile usually have enough social capacities to perform this job well.’ 

Perceived physical abilities ‘People with this profile usually have enough physical capacities to perform this job well.’ 

Perceived technological knowledge and skills ‘People with this profile usually have enough technological knowledge and skills to perform this job well.’ 

Perceived language skills ‘People with this profile usually have enough language skills to perform this job well.’ 

Perceived leadership skills ‘People with this profile usually have enough leadership skills to perform this job well.’ 

Perceived assertiveness ‘People with this profile usually are assertive enough to perform this job well.’ 

Perceived ambition ‘People with this profile usually are ambitious enough to perform this job well.’ 

Perceived motivation ‘People with this profile usually are motivated enough to perform this job well.’ 

Perceived autonomy ‘People with this profile usually are autonomous enough to perform this job well.’ 

Perceived efficiency ‘People with this profile usually are efficient enough to perform this job well.’ 

Perceived organizational skills ‘People with this profile usually are organized enough to perform this job well.’ 

Perceived reliability ‘People with this profile usually are reliable enough to perform this job well.’ 

Perceived trainability ‘People with this profile usually are trainable enough to perform this job well.’ 

Perceived flexibility ‘People with this profile usually are flexible enough to perform this job well.’ 

Perceived accuracy ‘People with this profile usually are accurate enough to perform this job well.’ 

Perceived openness to new people and experiences ‘People with this profile usually are open enough to new people and experiences to perform this job well.’ 

Perceived respect toward authority ‘People with this profile usually have enough respect towards authority to perform this job well.’ 

Perceived sense of responsibility ‘People with this profile usually have a large enough sense of responsibility to perform this job well.’ 

Employer’s attitude toward collaboration ‘I think I usually would enjoy collaborating with people like this person.’ 

Other employees’ predicted attitude toward collaboration ‘I think other employees usually would enjoy collaborating with people like this person.’ 

Customers’ predicted attitude toward collaboration ‘I think customers usually would enjoy collaborating with people like this person.’ 

Invitation probability ‘I advise to invite this candidate for the second phase of the application process.’ 

Note: In this table, we present the potential signals of the five minority groups, the evaluation outcome, and their corresponding statements as they were presented in the online survey 
experiment. The participants evaluated each statement on an 11-point Likert scale ranging from 0 (strongly disagree) to 10 (strongly agree). 
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Table 3. Data Description by Fictitious Candidates’ Ethnic Backgrounds 

 (1) (2) (3) (4) (5) (6) (7) (8) 

 
Total sample  

[N = 2,362] 

White Anglo-
Saxon 

Americans 

[N = 1,607] 

German 
Americans 

 [N = 67] 

Asian 
Americans 

[N = 190] 

African 
Americans 

[N = 131] 

Hispanic 
Americans 

[N = 204] 

Arab 
Americans 

[N = 163] 

F-statistic 

(df = 5) 

A. PARTICIPANT CHARACTERISTICS         

Gender: female 0.474 0.477 0.388 0.519 0.458 0.502 0.401 1.560 

Age: <40 years old 0.581 0.576 0.552 0.626 0.626 0.5833 0.558 0.690 

Race-ethnicity: white Anglo-Saxon 0.818 0.817 0.821 0.842 0.809 0.779 0.853 0.840 

Highest educational degree: university  0.759 0.761 0.746 0.737 0.756 0.745 0.785 0.290 

Employment status: full time employment 0.789 0.801 0.716 0.768 0.779 0.779 0.748 1.150 

Frequency of hiring: ≥once per semester 0.697 0.706 0.582 0.668 0.687 0.701 0.693 1.120 

Experience as HR professional: >1 year 0.922 0.918 0.955 0.953 0.924 0.902 0.932 1.050 

Experience as HR professional: >5 years 0.497 0.488 0.567 0.505 0.496 0.500 0.534 0.540 

B. JOB CHARACTERISTICS         

Sewing machine operator 0.099 0.092 0.119 0.110 0.061 0.113 0.153 1.890* 

Usher 0.113 0.111 0.164 0.100 0.145 0.098 0.117 0.790 

Stock clerk 0.100 0.103 0.149 0.089 0.084 0.098 0.074 0.780 

Data entry keyer 0.101 0.100 0.045 0.121 0.076 0.113 0.110 0.910 

Farm labor contractor 0.094 0.100 0.104 0.058 0.099 0.083 0.074 0.970 

Judicial law clerk 0.106 0.108 0.075 0.100 0.092 0.103 0.123 0.330 

Gem and diamond worker 0.097 0.088 0.104 0.105 0.114 0.113 0.141 1.240 

Exercise physiologist 0.096 0.110 0.104 0.074 0.061 0.069 0.043 2.750** 

Computer hardware engineer 0.095 0.092 0.044 0.100 0.145 0.118 0.074 1.610 

Management analyst 0.099 0.095 0.089 0.142 0.122 0.093 0.092 1.060 

Note: We present the descriptive statistics for our full sample as well as for six subsamples of applicants classified by their ethnic backgrounds. The statistics in column 8 are F-values from one-way 
ANOVA estimations. *, ** and *** indicate significance at the 10%, 5% and 1% levels. 
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Table 4. Relationship between Candidates’ Ethnic Backgrounds and Employers’ Candidate Evaluations (Total Sample) 

Reference: White Anglo-
Saxon Americans 

German Americans Asian Americans African Americans  Hispanic Americans Arab Americans  

N = 2,259 
All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) (15) 

 Regression coefficients Regression coefficients Regression coefficients Regression coefficients Regression coefficients 

A. HIRING INTENTIONS                

Invitation probability 
0.232** 
(0.093) 

0.217* 
(0.114) 

0.238* 
(0.131) 

0.147** 
(0.058) 

0.163** 
(0.073) 

0.123 
(0.091) 

0.043 
(0.056) 

−0.009 
(0.082) 

0.075 
(0.072) 

0.050 
(0.057) 

0.109 
(0.075) 

−0.028 
(0.083) 

0.128** 
(0.057) 

0.250*** 
(0.082) 

0.022 
(0.075) 

B. SIGNALS                

1 Perceived intellectual 
abilities 

0.097 
(0.115) 

0.148 
(0.164) 

0.067 
(0.157) 

0.183*** 
(0.063) 

0.090 
(0.079) 

0.327*** 
(0.104) 

0.000 
(0.066) 

0.095 
(0.112) 

−0.055 
(0.081) 

0.017 
(0.060) 

0.149* 
(0.076) 

−0.158 
(0.097) 

0.084 
(0.071) 

−0.037 
(0.098) 

0.188* 
(0.099) 

2 Perceived social abilities 
0.081 

(0.094) 
−0.134 
(0.139) 

0.208* 
(0.119) 

−0.024 
(0.075) 

−0.033 
(0.092) 

−0.010 
(0.128) 

−0.102 
(0.075) 

0.098 
(0.097) 

−0.220** 
(0.101) 

0.062 
(0.059) 

0.103 
(0.072) 

0.010 
(0.095) 

−0.043 
(0.076) 

0.000 
(0.097) 

−0.081 
(0.112) 

3 Perceived physical abilities 
−0.040 
(0.112) 

0.136 
(0.151) 

−0.146 
(0.152) 

0.006 
(0.068) 

−0.010 
(0.087) 

0.033 
(0.109) 

−0.009 
(0.078) 

0.123 
(0.123) 

−0.086 
(0.098) 

−0.029 
(0.060) 

0.004 
(0.079) 

−0.072 
(0.091) 

0.066 
(0.073) 

0.115 
(0.095) 

0.023 
(0.107) 

4 Perceived technological 
knowledge and skills 

0.032 
(0.111) 

−0.051 
(0.167) 

0.080 
(0.145) 

0.104* 
(0.061) 

0.059 
(0.080) 

0.175* 
(0.089) 

−0.057 
(0.069) 

0.024 
(0.107) 

−0.105 
(0.090) 

0.000 
(0.061) 

0.067 
(0.077) 

−0.088 
(0.093) 

0.071 
(0.064) 

0.101 
(0.076) 

0.044 
(0.096) 

5 Perceived language skills 
0.060 

(0.108) 
0.010 

(0.152) 
0.089 

(0.147) 
0.013 

(0.074) 
−0.013 
(0.094) 

0.051 
(0.119) 

0.046 
(0.078) 

0.214* 
(0.120) 

−0.053 
(0.099) 

0.057 
(0.062) 

0.110 
(0.083) 

−0.012 
(0.096) 

−0.041 
(0.073) 

−0.050 
(0.094) 

−0.034 
(0.105) 

6 Perceived leadership skills 
0.002 

(0.105) 
−0.141 
(0.153) 

0.087 
(0.139) 

0.093 
(0.068) 

0.085 
(0.09) 

0.104 
(0.103) 

−0.121* 
(0.072) 

−0.054 
(0.105) 

−0.160* 
(0.095) 

0.041 
(0.059) 

0.068 
(0.077) 

0.005 
(0.09) 

−0.049 
(0.067) 

−0.113 
(0.079) 

0.006 
(0.103) 

7 Perceived assertiveness 
−0.009 
(0.123) 

−0.137 
(0.181) 

0.067 
(0.164) 

0.005 
(0.066) 

0.026 
(0.079) 

−0.028 
(0.118) 

0.007 
(0.073) 

0.027 
(0.105) 

−0.005 
(0.097) 

−0.023 
(0.061) 

0.051 
(0.078) 

−0.121 
(0.095) 

−0.087 
(0.071) 

−0.217** 
(0.089) 

0.025 
(0.103) 

8 Perceived ambition 
0.126 

(0.106) 
0.135 

(0.155) 
0.121 

(0.140) 
0.177*** 
(0.066) 

0.171** 
(0.078) 

0.187 
(0.116) 

−0.105 
(0.067) 

−0.041 
(0.109) 

−0.142* 
(0.081) 

0.129** 
(0.063) 

0.195** 
(0.082) 

0.041 
(0.100) 

0.033 
(0.066) 

−0.109 
(0.093) 

0.156* 
(0.086) 

9 Perceived motivation 
0.157 

(0.103) 
0.134 

(0.172) 
0.172 

(0.128) 
0.138** 
(0.068) 

0.094 
(0.086) 

0.205* 
(0.108) 

−0.054 
(0.069) 

0.078 
(0.083) 

−0.132 
(0.095) 

0.107* 
(0.062) 

0.109 
(0.079) 

0.104 
(0.100) 

0.101 
(0.069) 

0.032 
(0.097) 

0.162* 
(0.093) 

10 Perceived autonomy 
0.079 

(0.098) 
0.141 

(0.129) 
0.041 

(0.137) 
0.060 

(0.068) 
−0.005 
(0.081) 

0.162 
(0.118) 

−0.100 
(0.075) 

−0.017 
(0.104) 

−0.148 
(0.102) 

0.013 
(0.060) 

0.106 
(0.074) 

−0.109 
(0.099) 

−0.076 
(0.068) 

−0.050 
(0.090) 

−0.100 
(0.099) 

11 Perceived efficiency 
0.140 

(0.104) 
0.258 

(0.162) 
0.071 

(0.136) 
0.126** 
(0.064) 

0.057 
(0.080) 

0.234** 
(0.101) 

−0.017 
(0.071) 

−0.012 
(0.101) 

−0.020 
(0.096) 

0.039 
(0.062) 

0.114 
(0.081) 

−0.061 
(0.095) 

0.016 
(0.069) 

−0.038 
(0.094) 

0.062 
(0.096) 

12 Perceived organizational 
skills 

0.128 
(0.106) 

0.134 
(0.139) 

0.125 
(0.150) 

0.152** 
(0.069) 

0.107 
(0.081) 

0.224* 
(0.122) 

−0.060 
(0.069) 

−0.093 
(0.092) 

−0.040 
(0.094) 

0.106* 
(0.062) 

0.148* 
(0.075) 

0.051 
(0.101) 

−0.025 
(0.070) 

−0.092 
(0.094) 

0.032 
(0.099) 
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13 Perceived reliability 
0.086 

(0.105) 
0.136 

(0.168) 
0.056 

(0.135) 
0.107 

(0.069) 
0.084 

(0.086) 
0.144 

(0.115) 
−0.096 
(0.071) 

−0.067 
(0.090) 

−0.112 
(0.098) 

0.055 
(0.062) 

0.110 
(0.078) 

−0.018 
(0.098) 

0.005 
(0.065) 

−0.038 
(0.082) 

0.043 
(0.095) 

14 Perceived trainability 
0.150 

(0.092) 
0.178 

(0.125) 
0.133 

(0.124) 
0.111 

(0.071) 
0.062 

(0.090) 
0.186* 
(0.112) 

−0.102 
(0.071) 

0.101 
(0.102) 

−0.221** 
(0.090) 

−0.014 
(0.065) 

0.052 
(0.082) 

−0.101 
(0.107) 

0.035 
(0.071) 

−0.037 
(0.093) 

0.098 
(0.100) 

15 Perceived flexibility 
0.181* 
(0.101) 

0.101 
(0.141) 

0.230* 
(0.135) 

0.090 
(0.072) 

0.040 
(0.094) 

0.167 
(0.103) 

−0.021 
(0.079) 

−0.044 
(0.108) 

−0.009 
(0.106) 

0.085 
(0.064) 

0.124 
(0.083) 

0.032 
(0.100) 

−0.035 
(0.069) 

−0.103 
(0.086) 

0.023 
(0.102) 

16 Perceived accuracy 
0.143 

(0.101) 
0.183 

(0.167) 
0.120 

(0.128) 
0.104 

(0.067) 
0.079 

(0.088) 
0.143 

(0.107) 
−0.016 
(0.070) 

0.076 
(0.099) 

−0.070 
(0.094) 

0.069 
(0.058) 

0.126* 
(0.076) 

−0.006 
(0.089) 

−0.016 
(0.065) 

−0.126 
(0.086) 

0.080 
(0.094) 

17 Perceived openness to 
new people and experiences 

0.134 
(0.108) 

0.097 
(0.137) 

0.155 
(0.150) 

0.201*** 
(0.075) 

0.188* 
(0.097) 

0.221* 
(0.116) 

−0.002 
(0.071) 

0.137 
(0.107) 

−0.083 
(0.091) 

0.062 
(0.062) 

0.122 
(0.080) 

−0.016 
(0.098) 

−0.039 
(0.072) 

−0.069 
(0.097) 

−0.013 
(0.102) 

18 Perceived respect toward 
authority 

0.112 
(0.100) 

0.068 
(0.149) 

0.135 
(0.135) 

0.105 
(0.078) 

0.142 
(0.094) 

0.049 
(0.135) 

−0.009 
(0.073) 

0.107 
(0.105) 

−0.077 
(0.097) 

0.114* 
(0.065) 

0.147* 
(0.083) 

0.072 
(0.104) 

−0.012 
(0.080) 

0.009 
(0.107) 

−0.029 
(0.116) 

19 Perceived sense of 
responsibility 

0.083 
(0.098) 

0.077 
(0.111) 

0.087 
(0.142) 

0.109* 
(0.066) 

0.088 
(0.081) 

0.142 
(0.113) 

−0.134** 
(0.063) 

−0.077 
(0.088) 

−0.168** 
(0.082) 

0.103* 
(0.057) 

0.185** 
(0.074) 

−0.007 
(0.089) 

0.020 
(0.068) 

−0.069 
(0.089) 

0.096 
(0.099) 

1 Employer’s attitude toward 
collaboration 

−0.045 
(0.101) 

−0.145 
(0.143) 

0.015 
(0.137) 

0.076 
(0.065) 

0.061 
(0.083) 

0.099 
(0.106) 

0.041 
(0.066) 

0.113 
(0.092) 

−0.001 
(0.087) 

0.078 
(0.062) 

0.143* 
(0.081) 

−0.007 
(0.093) 

0.022 
(0.070) 

−0.115 
(0.087) 

0.140 
(0.102) 

2 Employees’ predicted 
attitude toward collaboration 

0.010 
(0.109) 

−0.298** 
(0.142) 

0.193 
(0.142) 

−0.027 
(0.068) 

−0.054 
(0.087) 

0.013 
(0.105) 

−0.001 
(0.068) 

0.125 
(0.093) 

−0.074 
(0.089) 

0.025 
(0.061) 

0.098 
(0.076) 

−0.071 
(0.096) 

−0.099 
(0.070) 

−0.127 
(0.087) 

−0.075 
(0.105) 

3 Customers’ predicted 
attitude toward collaboration 

0.025 
(0.095) 

−0.146 
(0.146) 

0.126 
(0.121) 

0.048 
(0.067) 

0.019 
(0.087) 

0.091 
(0.103) 

−0.058 
(0.068) 

0.072 
(0.087) 

−0.135 
(0.094) 

0.019 
(0.065) 

0.078 
(0.085) 

−0.059 
(0.100) 

−0.133* 
(0.072) 

−0.192** 
(0.096) 

−0.081 
(0.103) 

Note: We present coefficient estimates for the 23 distinct linear regression models outlined in Sections 4.1 and 4.2 in which we regress the standardized version of (i) the invitation probability (Panel A) and (ii) the stereotypes 
and attitudes toward race-ethnicity minority groups (Panel B) based on each candidate’s ethnic background. Each row of this table, thus, contains the results from one regression analysis. Standard errors are presented in 
parentheses and corrected for the clustering of observations at the participant level. *, ** and *** indicate significance at the 10%, 5% and 1% levels. The coefficients related to p-values below 5% are in bold. 
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Table A–1. Job Descriptions Used in the Experimental Materials  

Job function Job description 

Sewing machine operator 
‘This employee will be responsible for operating or tending sewing machines to join, reinforce, decorate, or perform related sewing operations in 
the manufacture of garment and non-garment products.’ 

Usher 
‘This employee will be responsible for assisting patrons at entertainment events. His or her duties include collecting admission tickets and passes 
from patrons, assisting patrons in finding seats, searching for lost articles, and helping patrons with locating such facilities as restrooms and 
telephones.’ 

Stock clerk 
‘This employee will be responsible for receiving, storing, and issuing merchandise, materials, equipment, and other items from the warehouse or 
stockroom. Additionally, he or she is responsible for filling shelves, racks, tables, or customers’ orders. He or she must operate power equipment 
to fill orders, mark prices on merchandise, and set up sales displays.’ 

Data entry keyer 
‘This employee will be responsible for operating data entry devices, such as keyboards or photo composing perforators. His or her duties include 
verifying data and preparing materials for printing.’ 

Farm labor contractor ‘This employee will be responsible for recruiting and hiring seasonal or temporary agricultural laborers.’ 

Judicial law clerk ‘This employee will be responsible for assisting judges in court, conducting research, and preparing legal documents.’ 

Gem and diamond worker ‘This employee will be responsible for fabricating, finishing, and evaluating the quality of gems and diamonds used in jewelry or industrial tools.’ 

Exercise physiologist 
‘This employee will be responsible for assessing, planning, and implementing fitness programs that include exercise or physical activities such as 
those designed to improve cardiorespiratory function, body composition, muscular strength, muscular endurance, or flexibility.’ 

Computer hardware engineer 
‘This employee will be responsible for researching, designing, developing, and testing computer or computer-related equipment for commercial, 
industrial, and scientific use. He or she must supervise the manufacturing and installation of computer or computer-related equipment and 
components.’ 

Management analyst 
‘This employee will be responsible for conducting organizational studies and evaluations. His or her duties include designing systems and 
procedures, conducting work simplification and measurement studies, and preparing operations and procedures manuals to assist management in 
operating more efficiently and effectively.’ 

Note: Job functions and descriptions were provided by O*NET, as described in Section 2.2. 
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Table A–2. Comparison between Participant Characteristics and the Characteristics of HR 

Professionals in ACS 

 (1) (2) 

Participant characteristics 
Mean among 

participants in the 
experiment 

Mean among HR 
professionals in ACS 

Female gender 0.474 0.670 

Age  39.632 45.363 

Race-ethnicity: only white 0.818 0.811 

Highest educational degree: secondary education or lower 0.171 0.140 

Highest educational degree: tertiary education 0.829 0.860 

Notes: We combined ACS data from 2010–2019 and selected all respondents with occ2010 occupation codes 0130 (Human 
Resources Managers), 0620 (Human Resources, Training, and Labour Relations Specialists), and 5360 (Human Resources 
Assistants, Except Payroll and Timekeeping).  
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Table A–3. Relationships between Candidates’ Ethnic Backgrounds and Employers’ Perceptions of Candidates (Sample of Participants with Low Scores on MC-SDS) 

Reference: White Anglo-
Saxon Americans 

German Americans Asian Americans African Americans  Hispanic Americans Arab Americans  

N = 1,844 
All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

All first 
names 

Anglo-
sounding 

first 
names 

Ethnic-
sounding 

first 
names 

 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) (15) 

 Regression coefficients Regression coefficients Regression coefficients Regression coefficients Regression coefficients 

A. HIRING INTENTIONS                

Invitation probability 
0.186* 
(0.106) 

0.201 
(0.135) 

0.177 
(0.144) 

0.155** 
(0.063) 

0.153* 
(0.082) 

0.16 
(0.098) 

−0.004 
(0.06) 

−0.117 
(0.085) 

0.065 
(0.078) 

0.038 
(0.062) 

0.082 
(0.087) 

−0.015 
(0.088) 

0.124* 
(0.064) 

0.246*** 
(0.094) 

0.007 
(0.082) 

B. SIGNALS                

Perceived intellectual abilities 
0.087 

(0.128) 
0.019 

(0.185) 
0.125 

(0.170) 
0.200*** 
(0.068) 

0.090 
(0.086) 

0.368*** 
(0.115) 

−0.004 
(0.073) 

0.082 
(0.125) 

−0.056 
(0.089) 

−0.012 
(0.066) 

0.086 
(0.090) 

−0.127 
(0.100) 

0.049 
(0.081) 

−0.049 
(0.108) 

0.142 
(0.119) 

Perceived social abilities 
0.151 

(0.101) 
−0.074 
(0.157) 

0.268** 
(0.124) 

−0.023 
(0.084) 

−0.043 
(0.105) 

0.008 
(0.139) 

−0.141* 
(0.082) 

0.047 
(0.103) 

−0.254** 
(0.110) 

0.018 
(0.065) 

0.039 
(0.081) 

−0.004 
(0.102) 

−0.020 
(0.085) 

0.002 
(0.108) 

−0.040 
(0.129) 

Perceived physical abilities 
−0.082 
(0.126) 

0.098 
(0.171) 

−0.178 
(0.165) 

0.019 
(0.076) 

0.000 
(0.099) 

0.048 
(0.120) 

−0.033 
(0.084) 

0.121 
(0.137) 

−0.126 
(0.103) 

−0.088 
(0.066) 

−0.095 
(0.090) 

−0.080 
(0.097) 

0.059 
(0.080) 

0.084 
(0.103) 

0.034 
(0.121) 

Perceived technological 
knowledge and skills 

−0.040 
(0.126) 

−0.198 
(0.197) 

0.043 
(0.159) 

0.066 
(0.066) 

0.028 
(0.087) 

0.123 
(0.099) 

−0.066 
(0.076) 

−0.036 
(0.111) 

−0.084 
(0.103) 

−0.032 
(0.067) 

0.006 
(0.089) 

−0.076 
(0.099) 

0.026 
(0.072) 

0.081 
(0.085) 

−0.025 
(0.110) 

Perceived language skills 
0.050 

(0.119) 
−0.075 
(0.154) 

0.115 
(0.160) 

0.011 
(0.084) 

−0.025 
(0.108) 

0.065 
(0.133) 

0.066 
(0.083) 

0.248* 
(0.137) 

−0.044 
(0.102) 

−0.022 
(0.068) 

0.010 
(0.096) 

−0.057 
(0.099) 

−0.077 
(0.082) 

−0.079 
(0.102) 

−0.075 
(0.123) 

Perceived leadership skills 
0.003 

(0.117) 
−0.159 
(0.185) 

0.091 
(0.146) 

0.092 
(0.075) 

0.080 
(0.101) 

0.109 
(0.114) 

−0.142* 
(0.079) 

−0.111 
(0.116) 

−0.161 
(0.105) 

0.008 
(0.066) 

−0.012 
(0.090) 

0.032 
(0.097) 

−0.070 
(0.077) 

−0.130 
(0.088) 

−0.012 
(0.123) 

Perceived assertiveness 
0.010 

(0.138) 
−0.141 
(0.215) 

0.091 
(0.175) 

−0.001 
(0.073) 

0.043 
(0.088) 

−0.068 
(0.132) 

−0.019 
(0.080) 

−0.032 
(0.114) 

−0.011 
(0.106) 

−0.050 
(0.066) 

−0.017 
(0.089) 

−0.088 
(0.099) 

−0.111 
(0.077) 

−0.239**
* (0.091) 

0.012 
(0.119) 

Perceived ambition 
0.128 

(0.115) 
0.066 

(0.173) 
0.163 

(0.146) 
0.201*** 
(0.075) 

0.176** 
(0.088) 

0.239* 
(0.135) 

−0.121* 
(0.073) 

−0.100 
(0.118) 

−0.134 
(0.090) 

0.097 
(0.069) 

0.126 
(0.092) 

0.064 
(0.105) 

0.047 
(0.076) 

−0.089 
(0.103) 

0.176* 
(0.104) 

Perceived motivation 
0.171 

(0.113) 
0.105 

(0.207) 
0.208 

(0.129) 
0.163** 
(0.076) 

0.095 
(0.099) 

0.264** 
(0.117) 

−0.039 
(0.072) 

0.054 
(0.086) 

−0.096 
(0.100) 

0.077 
(0.068) 

0.034 
(0.088) 

0.128 
(0.108) 

0.091 
(0.079) 

0.015 
(0.107) 

0.162 
(0.110) 

Perceived autonomy 
0.105 

(0.108) 
0.135 

(0.133) 
0.089 

(0.148) 
0.067 

(0.074) 
−0.011 
(0.089) 

0.188 
(0.133) 

−0.083 
(0.084) 

−0.051 
(0.119) 

−0.103 
(0.113) 

−0.024 
(0.067) 

0.041 
(0.084) 

−0.101 
(0.108) 

−0.103 
(0.077) 

−0.114 
(0.098) 

−0.093 
(0.118) 

Perceived efficiency 
0.144 

(0.113) 
0.191 

(0.188) 
0.122 

(0.142) 
0.135* 
(0.070) 

0.053 
(0.088) 

0.259** 
(0.114) 

−0.024 
(0.075) 

−0.081 
(0.107) 

0.009 
(0.102) 

0.040 
(0.069) 

0.074 
(0.095) 

−0.002 
(0.099) 

−0.023 
(0.078) 

−0.073 
(0.103) 

0.023 
(0.113) 

Perceived organizational skills 
0.176 

(0.115) 
0.157 

(0.146) 
0.188 

(0.157) 
0.170** 
(0.076) 

0.118 
(0.089) 

0.248* 
(0.139) 

−0.072 
(0.076) 

−0.137 
(0.098) 

−0.035 
(0.105) 

0.053 
(0.067) 

0.062 
(0.087) 

0.041 
(0.104) 

−0.048 
(0.080) 

−0.116 
(0.103) 

0.015 
(0.116) 
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Perceived reliability 
0.084 

(0.120) 
0.113 

(0.213) 
0.069 

(0.145) 
0.140* 
(0.077) 

0.096 
(0.097) 

0.207 
(0.129) 

−0.109 
(0.077) 

−0.106 
(0.103) 

−0.111 
(0.105) 

0.032 
(0.069) 

0.076 
(0.089) 

−0.019 
(0.106) 

−0.014 
(0.074) 

−0.010 
(0.093) 

−0.018 
(0.110) 

Perceived trainability 
0.173* 
(0.096) 

0.126 
(0.135) 

0.198 
(0.126) 

0.118 
(0.080) 

0.033 
(0.104) 

0.245** 
(0.124) 

−0.148* 
(0.077) 

0.019 
(0.108) 

−0.249** 
(0.102) 

−0.047 
(0.072) 

−0.019 
(0.093) 

−0.078 
(0.115) 

0.023 
(0.079) 

0.010 
(0.102) 

0.035 
(0.118) 

 Perceived flexibility 
0.245** 
(0.106) 

0.147 
(0.145) 

0.299** 
(0.140) 

0.133* 
(0.078) 

0.069 
(0.105) 

0.229** 
(0.109) 

−0.056 
(0.084) 

−0.104 
(0.111) 

−0.029 
(0.115) 

0.034 
(0.071) 

0.051 
(0.096) 

0.014 
(0.103) 

−0.024 
(0.077) 

−0.088 
(0.095) 

0.035 
(0.116) 

Perceived accuracy 
0.133 

(0.115) 
0.156 

(0.206) 
0.122 

(0.138) 
0.106 

(0.075) 
0.079 

(0.099) 
0.146 

(0.121) 
−0.025 
(0.074) 

0.023 
(0.107) 

−0.055 
(0.099) 

0.029 
(0.063) 

0.038 
(0.086) 

0.019 
(0.094) 

−0.025 
(0.074) 

−0.137 
(0.094) 

0.081 
(0.110) 

Perceived openness to new 
people and experiences 

0.201* 
(0.119) 

0.115 
(0.155) 

0.246 
(0.161) 

0.226*** 
(0.085) 

0.196* 
(0.113) 

0.271** 
(0.129) 

0.010 
(0.073) 

0.122 
(0.112) 

−0.058 
(0.093) 

0.006 
(0.067) 

0.007 
(0.086) 

0.006 
(0.106) 

−0.041 
(0.080) 

−0.040 
(0.106) 

−0.041 
(0.118) 

Perceived respect toward 
authority 

0.179* 
(0.104) 

0.134 
(0.153) 

0.201 
(0.137) 

0.151* 
(0.087) 

0.179* 
(0.108) 

0.107 
(0.147) 

−0.039 
(0.080) 

0.046 
(0.120) 

−0.089 
(0.105) 

0.063 
(0.072) 

0.048 
(0.096) 

0.081 
(0.109) 

−0.062 
(0.089) 

0.013 
(0.118) 

−0.133 
(0.132) 

Perceived sense of 
responsibility 

0.108 
(0.104) 

0.033 
(0.115) 

0.148 
(0.146) 

0.138* 
(0.073) 

0.118 
(0.089) 

0.169 
(0.126) 

−0.119* 
(0.069) 

−0.106 
(0.098) 

−0.127 
(0.090) 

0.069 
(0.063) 

0.113 
(0.085) 

0.018 
(0.095) 

−0.005 
(0.078) 

−0.075 
(0.098) 

0.062 
(0.119) 

Employer’s attitude toward 
collaboration 

0.038 
(0.111) 

−0.099 
(0.150) 

0.112 
(0.147) 

0.090 
(0.072) 

0.074 
(0.095) 

0.115 
(0.116) 

0.052 
(0.070) 

0.101 
(0.100) 

0.022 
(0.092) 

0.066 
(0.067) 

0.134 
(0.090) 

−0.013 
(0.099) 

0.040 
(0.076) 

−0.107 
(0.094) 

0.179 
(0.113) 

Employees’ predicted 
attitude toward collaboration 

0.070 
(0.114) 

−0.201 
(0.149) 

0.213 
(0.147) 

−0.045 
(0.075) 

−0.089 
(0.097) 

0.022 
(0.118) 

−0.008 
(0.070) 

0.067 
(0.099) 

−0.054 
(0.092) 

−0.034 
(0.066) 

0.026 
(0.086) 

−0.104 
(0.099) 

−0.073 
(0.080) 

−0.082 
(0.093) 

−0.065 
(0.128) 

customers’ predicted attitude 
toward collaboration 

0.071 
(0.097) 

−0.102 
(0.150) 

0.163 
(0.122) 

0.045 
(0.073) 

−0.007 
(0.098) 

0.122 
(0.107) 

−0.074 
(0.074) 

0.024 
(0.096) 

−0.133 
(0.102) 

−0.032 
(0.069) 

0.012 
(0.096) 

−0.084 
(0.102) 

−0.131 
(0.080) 

−0.172* 
(0.103) 

−0.092 
(0.118) 

Note: We present coefficient estimates for the 23 distinct linear regression models outlined in Sections 4.1 and 4.2 in which we regress the standardized version of (i) the invitation probability (Panel A) and (ii) the stereotypes 
and attitudes toward race-ethnicity minority groups (Panel B) based on each candidate’s ethnic background. Each row of this table, thus, contains the results from one regression analysis. Standard errors are presented in 
parentheses and corrected for the clustering of observations at the participant level. *, ** and *** indicate significance at the 10%, 5% and 1% levels. The coefficients related to p-values below 5% are in bold. 
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